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Rational catalyst design for CO oxidation: a
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Rational catalyst design is one of the most challenging tasks in heterogeneous catalysis, mainly due to the
lack of optimization strategies. In this work, we proposed a gradient-based optimization strategy for
rational catalyst design. In this strategy, the catalyst design is treated as an optimization process of surface
structures toward maximum activity. The bonding contribution equation, a quantitative relationship
between the surface structures and the adsorption energies, is utilized to predict the adsorption in the
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optimization. A traditional catalyst for CO oxidation, platinum, is optimized using this strategy. After eight
step optimization, the activity of CO oxidation increases dramatically. It is found that the origin of the high
activity of the designed catalyst is not only from the suitable bonding strength of all the species and
reaction barriers of all elementary steps, but also from circumventing the BEP relation. Our design strategy

rsc.li/catalysis

offers a powerful tool to understand and design novel catalytic materials.

1. Introduction
Rational catalyst design is arguably the most important goal
in heterogeneous catalysis, which requires not only a deep
understanding of catalytic materials, but also good design
strategies. In the last few decades, with the help of density
functional theory (DFT) calculations, many investigations on
heterogeneous catalysis have been carried out, which
enhanced the understanding of heterogeneous catalysis.
Nørskov and Hammer1 reported that the d-band centre of a
catalyst correlates with the bonding strength, which uncovers
the relationship between the electronic properties and
adsorption energy in heterogeneous catalysis. Furthermore, a
linear relationship between the activation energy and the
enthalpy change of an elementary step, the Brønsted–Evans–
Polanyi (BEP) relation, was found by several groups from DFT
calculations.2–4 This linear relationship offers a quantitative
and simple way to predict the kinetic properties using
thermodynamic properties with reasonable accuracy.
Furthermore, a volcano curve4–8 was found between the
adsorption energies of key intermediates and the activities,
where the adsorption energy for the most active catalyst can
be evaluated. Recently, the concept of the generalized
coordination number was introduced by Calle-Vallejo et al.,9–11
where the adsorption energies on many nanoparticles9 and
facets10 can be predicted. Furthermore, the adsorption energy
of an alloy surface can be evaluated using the bonding
contribution equation.12–14 Ma and Xin developed the
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orbitalwise coordination number to predict the adsorption
properties of metal nanocatalysts.15 The state-of-the-art
machine learning method has also shown promise for catalyst
design.16–18 There are also many other exciting design studies
recently published.19–24 These theoretical findings greatly
enrich the knowledge of heterogeneous catalysis and offer
powerful tools for in silico rational catalyst design.
Despite these theoretical investigations, only a few design
strategies were suggested before: Nørskov and co-workers
showed that using the adsorption energies of key intermediates
as descriptors, promising catalyst candidates can be obtained
by screening large catalyst databases.25–29 An example of this
can be found in searching for active hydrogen evolution
catalysts,25 where they calculated the adsorption energies of
the hydrogen atom on 736 binary transition-metal surface
alloys. These alloys were screened based on the optimal
hydrogen adsorption energy from the volcano curve. In their
work, BiPt was found to possess a higher activity than pure Pt
both experimentally and computationally. Employing a similar
method, a non-precious metal alloy, NiZn, was successfully
discovered for the selective hydrogenation of acetylene.26 It was
found that the adsorption energies of both acetylene and
ethylene on one metal surface are correlated with the methyl
adsorption energies on the same surface. Moreover, the
adsorption energies of acetylene and ethylene are also related
to the activity and selectivity of acetylene hydrogenation,
respectively. Thus, the optimum catalyst for acetylene
hydrogenation can be screened by balancing the adsorption
energies of acetylene and ethylene. The descriptor-based
screening method was reviewed by Nørskov and coworkers.27,28 Furthermore, Cheng and Hu30 introduced the
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concept of chemical potential into heterogeneous catalysis, and
reformulated the kinetic properties such as reaction rate and
reversibility, in terms of the chemical potential. Using this new
formulation, they found that the adsorption energy of key
intermediates should stay in the optimal adsorption energy
window.31,32 Using this optimal adsorption energy window, a
novel active counter electrode material for triiodide reduction
reaction, α-Fe2O3, was discovered for dye-sensitized solar
cells.33 More details of the chemical potential and its usage in
catalyst design can be found in a recent review.34
Although the theoretical foundations of the design
strategies mentioned above are different, these strategies are
all based on the screening of adsorption energies of some
species. Even though many novel catalysts were discovered
using these methods, they still have some disadvantages:
firstly, these screening strategies require the calculations of
adsorption energies on large numbers of surface candidates
exhaustively, which exhibits a lack of rationality. This is not
desirable both scientifically and practically: scientifically, these
strategies offer an approach to find active surfaces without
information on why these catalysts outweigh other catalysts,
whilst practically these strategies require complete calculations
of adsorption energies on all surface candidates, which is
computationally demanding. Secondly, the designed catalysts
from these strategies are highly related to the size and diversity
of the screening database, i.e. the surfaces that are not
included in the database will be ignored. In the
aforementioned design examples, only bi-metal alloy and
typical metal oxide surfaces can be found due to the limitations
of the screening database. Thirdly, in these screening
strategies, many approximations such as the BEP relation35
and linear scaling36 were used; hence catalysts that do not obey
these linear relationships are not considered in the design
process. Some recent work37 proposed that catalysts that do
not obey these linear relationships are very important in
catalyst design. Therefore, a more rational strategy is necessary
for further catalyst design and development.
Herein, we proposed a new rational design strategy,
namely the gradient-based optimization strategy, based on
DFT calculations and micro-kinetic modelling, which makes
it possible to rationally manipulate the reaction sites and
tune the adsorption energies and reaction barriers towards
the direction of higher activity. CO oxidation was chosen as
the model reaction because it is a typical heterogeneous
catalysis reaction that includes adsorption, dissociation,
association and desorption steps; thus such a design
example may also be applied in other heterogeneous
reactions. In this contribution, the general design idea and
theoretical foundations of this gradient-based optimization
strategy are introduced in section 2 and section 3,
respectively. Using this strategy, a design process of CO
oxidation on Pt-based alloy surfaces is shown in section 4.
The structures, energies of intermediates and transition
states (TSs) and kinetic properties of the surfaces in the
process are analyzed, and the extraordinary activities of the
designed surface are discussed.
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2. Computational methods
2.1. Density functional theory (DFT)
All DFT calculations were carried out using a periodic slab
model using the Vienna ab initio simulation program
(VASP).38–41 The generalized gradient approximation (GGA)
was used with the Perdew–Burke–Ernzerhof (PBE)42
exchange-correlation functional. The projector-augmented
wave (PAW) method43,44 was utilized to describe the electron–
ion interactions and the plane-wave basis expansion cut-off
was set to 450 eV. All the adsorption geometries were
optimized using a force-based conjugate gradient algorithm,
whilst TSs were located with a constrained minimisation
technique.45–47 In this work, Pt(111) and designed surfaces
were modelled using a periodic 4-layer model with the 2
lower layers fixed and the 2 upper layers relaxed. A p(2 × 2)
supercell was chosen with 4 × 4 × 1 Monkhorst–Pack k-point
mesh sampling for Brillouin zone integration. For the
designed surfaces, only the chosen atom was replaced, while
the lattice size remained the same. A ∼10 Å vacuum region
was placed on all the models mentioned above.
2.2. Thermodynamic correction and micro-kinetic modelling
In this work, some standard formulas of statistical mechanics
were used to calculate the free energy corrections of surface
species including zero-point-energy (ZPE), thermal energy
and entropy derived from partition functions.48–50 Only the
vibrational contribution was considered for surface species,
with the vibrational frequencies obtained based on the
harmonic oscillator approximation.51 Regarding the gaseous
species, the thermodynamic corrections were calculated
using the Shomate equation. Similar to the work of Nørskov
and co-workers,52 the reaction temperature of CO oxidation
was chosen to be 600 K, with partial pressures of 0.33 and
0.67 bar for O2 and CO, respectively.
In the micro-kinetic modelling, three elementary steps
were taken into account, namely the adsorption of CO,
the dissociative adsorption of O2 and the oxidation of CO,
as follows:
CO(g) + * ↔ CO*
O2(g) + 2* ↔ 2O*
CO* + O * ↔ CO2(g) + 2*
All thermodynamic corrections and micro-kinetic modelling
were carried out using the CatMAP53–55 code, which is a
python package developed in Stanford University for
automatic generation of micro-kinetic models using the
descriptor-based approach. The initial coverages for all the
species were generated by CatMAP using the Gibbs
distribution, with 100 digits of precision used to overcome
the stiffness of the kinetic equations with the aid of the
Python mpmath library.56 CatMAP takes formation energies
as the input of energies. In this work, the formation energies
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of H, C and O were calculated with respect to the energies of
H2, CH4 and H2O, respectively:
EH = EH2/2, EC = ECH4 − 4EH, and EO = EH2O − 2EH.

3. Optimization strategy
3.1. Optimization problem
In our previous work,57 it is proposed that the catalyst design
can be treated as an optimization problem. In order to design
active catalysts for CO oxidation, there is a requirement to
optimize the surface structures to achieve better activities. In
general, there are two different types of optimizations, namely
the local optimization and global optimization. One method
for the local optimization is the gradient ascent, which begins
with an initial guess, and then optimizes iteratively based on
the gradient. In the global optimization, some initial points are
generated and then the global maximum can be searched using
various methods, such as genetic algorithm,58 simulated
annealing59 and particle swarm optimization.60 In
heterogeneous catalysis, these two different approaches may be
used in different situations of catalyst design: for reactions that
are systematically investigated, we can start from a known
active catalyst, and then optimize the catalyst structure using
the local optimization method, while the global optimization
method may be used in reaction systems that are not well
studied. Therefore, for the CO oxidation, a local optimization
method was chosen, specifically the gradient ascent method,
starting with one of the most active metal catalysts, Pt(111).52
After choosing the optimization method and initial guess,
we need to determine how the surface is optimized in the
first step optimization, i.e. how to calculate the gradient of
the overall rate at the initial point. However, the derivative of
the overall rate of the structure is very difficult to calculate
for the following reasons: firstly, it is challenging to represent
the structure in a numerical and continuous approach.
Secondly, the quantitative relationship between structure and
activity is still not clear. As proposed in our previous work,57
the optimization of the surface structure may be achievable,
if we treated the relationship between structure and activity
into two parts, namely the relationship between structure
and energy (the energies of all states involved in the
reaction), and the relationship between energy and activity.
The relationship between energy and activity can be easily
obtained using micro-kinetic modelling, and the partial
derivative of the activity of each energy of the intermediate or
transition state can be calculated numerically, known as the
degree of rate control by Campbell and co-worker.61–63
Furthermore, some quantitative relationship between
structure and adsorption energy has been suggested recently,
such as the d-band center,1 generalized coordination
number9,10 and bonding contribution equation.12 In this
work, the bonding contribution equation was selected due to
the following reasons: firstly, the bonding contribution
equation offers a fast and quantitative prediction of
adsorption energies from structures without any DFT level
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calculations. Secondly, this equation is focused on the
adsorption energy prediction on alloy surfaces, which is an
important type of catalyst for CO oxidation. Several alloy
catalysts were reported to be very active for CO oxidation,
such as Pd–Ni (ref. 64) and Pd–Au.65 Thirdly, the bonding
contribution equation was well tested for the adsorption
energies of CO and O,12 and thus it is ready to be used for
the catalyst design of CO oxidation. Using the bonding
contribution equation, the optimization of the catalyst
surface is converted into the optimization of energies of
intermediates and TSs.
3.2. Gradient for activity
In order to optimize the energies of all the states in the direction
of higher CO oxidation activity, the gradient of energies needs to
be calculated, which contains the partial derivative of all the
energies of the states involved in the CO oxidation reaction.
Herein, this partial derivative of activity of the energy of a state
(PDi) is calculated with the following equation:
!
∂ ln r
PDi ¼  Gi 
(1)
∂ RT
Gj≠i

where r is the overall rate of CO oxidation, and R and T
represent the gas constant and reaction temperature,
respectively. Gi is the free energy of the state, while Gj are the
energies of all the other states. This expression is similar to that
of the general degree of rate control,61 with the only difference
being that the partial derivative value from eqn (1) is the additive
inverse of the value of the general degree of rate control. With
this definition, the gradient of energy for the CO oxidation
reaction can be given as:
∇rate(G) = [PDCO, PDO, PDCO–O, PDO–O]

(2)

where PDCO and PDO are the partial derivatives of the free
energies of adsorbed CO and O, respectively, while the
derivatives of two transition state free energies (CO oxidation
and oxygen dissociation) are represented as PDCO–O and
PDO–O, respectively. Therefore, according to the gradient
ascent method, the overall reaction rate of CO oxidation
increases fastest if the energy goes from one point (Gn) in the
direction of the positive gradient of rate, namely:
Gn+1 = Gn + γ∇rate(G), n = 0, 1, 2…

(3)

where γ is the step size allowing for energy G in the optimization
to be changed. For example, Fig. 1 shows the energy profile of
CO oxidation on Pt(111) in the free energy landscape, which
contains the free energies of two adsorption states, GO and GCO,
and two TSs, GCO–O and GO–O. Using eqn (1), the partial
derivatives of these states can be calculated numerically as
shown in row step 1 in Table 1. Among these partial derivatives,
the values for the adsorbed oxygen intermediate and CO
oxidation TS are zero, indicating that these states do not affect
the overall activity. Thus, we do not need to change the energies
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Fig. 1 The free energy profiles of CO oxidation on Pt(111) (black) and on the next step surface according to the gradient values (red). The
geometries of the adsorbed O, adsorbed (CO), TS of oxygen molecule dissociation (O–O) and TS of CO oxidation (CO–O) are shown with
corresponding labels. The up arrow of CO adsorption energy, GCO, indicates that this energy should increase, while the down arrow of O2
dissociation, GO–O, shows that this TS should be more stable in the next step. The indexes of surface atoms are labelled from 5 to 8.

of these states in the optimization. The partial derivative of CO
adsorption energy is 2.0, indicating that CO is over-bonding and
the energy of CO needs to be increased in the optimization,
while the value for the transition state of oxygen dissociation is
−1.0, suggesting that we should stabilize this transition state to
achieve higher CO oxidation activity. According to these partial
derivative values, the energy profile of the theoretical surface of
next step optimization is shown in Fig. 1, in which the
adsorption energy of CO increases and the transition state
energy of dissociative adsorption of O2 decreases.

3.3. Optimization process
Based on the discussion above, a gradient-based optimization
scheme was proposed to design CO oxidation catalysts, as

shown in Fig. 2: firstly, a starting structure was chosen as the
initial guess for the optimization, namely Pt(111) as discussed
above. Secondly, the energies of all the intermediates and TSs,
including the adsorbed CO and O and the TSs of CO oxidation
and O2 dissociation, were calculated on Pt(111), and based on
these energies and micro-kinetic modelling results, the overall
activity and the gradient of the overall activity with respect to
the energies of all states were obtained. Eqn (2) shows that there
should be four partial derivatives involved in the gradient. The
energies of TSs of CO oxidation and O2 dissociation are
correlated with the energies of adsorbed CO and O, known as
the BEP relation. To simplify the optimization process, the
partial derivatives of intermediate states are considered, namely
the adsorbed CO and O, and the energy changes of TSs were
evaluated using the BEP relation. Using eqn (3) and the gradient

Table 1 The component, formation energies and partial derivatives (PD) of adsorbed CO (CO) and O (O), and transition states of CO oxidation (CO–O)
and O2 dissociation (O–O) of the designed catalysts for steps 1–9. All the energies are in eV and represented using formation energies with respect to
the energies of H in H2, C in CH4 and O in H2O

Step

Component

ECO

EO

ECO–O

EO–O

PDCO

PDO

PDCO–O

PDO–O

1
2
3
4
5
6
7
8
9

Pt8
IrPt7
IrPdPt6
Ir2PdPt5
Ir2Pd2Pt4
Ir3Pd2Pt3
Ir4Pd2Pt2
Ir3OsPd2Pt2
Ir3OsPd3Pt

1.58
1.65
1.68
1.69
1.73
1.76
1.80
1.83
1.72

1.23
0.85
0.94
1.02
1.00
1.07
0.78
0.82
0.67

3.78
3.44
3.56
3.58
3.62
3.65
3.33
3.34
3.15

4.90
4.39
4.50
4.55
4.57
4.57
4.29
4.28
4.07

2.00
0.90
0.95
1.64
0.95
1.18
0.11
0.14
1.14

0.00
1.14
1.05
0.37
1.02
0.82
1.83
1.83
0.85

0.00
−1.11
−1.05
−0.36
−1.05
−0.82
−1.88
−1.86
−0.86

−1.00
0.01
0.05
−0.63
0.04
−0.18
−0.01
0.00
0.00

This journal is © The Royal Society of Chemistry 2021
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Fig. 2 Block scheme of the optimization strategy for the catalyst design in this work.

of overall activity with respect to CO and O chemisorption
energies, the adsorption energies of the next step were
calculated with the findings presented in Fig. 2. In optimization,
if the step size is too small, the optimization process is slow
and many optimization steps are needed to reach the
optimization criteria. If the step size is too big, it is very hard to
converge to a maximum. In this work, the step size γ was set to
0.06. The adsorption sites of Pt(111) are manipulated by
substituting one atom with another type of atom, and then the
adsorption energies of CO and O on these modified surfaces are
predicted using the bonding contribution equation:12 For the
alloy system with n different substitutions, the bonding
contribution equation for the adsorption energies on the alloy
surfaces with n solute metals is as follows:
Ead ¼

n
X

g × ci × ai

(4)

i¼1

where ci and ai are the bond-counting contribution factor and
the intrinsic activity of solute metal i, respectively, and g is the
generalized parameter.12
Four substituting metals were taken into account in this
work, namely Re, Os, Ir and Pd, which were well investigated in
the bonding contribution equation. In the manipulation of the
surface, only the surface and subsurface atoms were allowed to
be substituted. With the gradient, we obtained the desired
adsorption energy of the next step with higher activity. We then

2608 | Catal. Sci. Technol., 2021, 11, 2604–2615

calculated the adsorption energies of all the alloy surfaces by
replacing one metal site using the bonding contribution
equation and chose 5 structures with the adsorption energy
closest to the desired adsorption energy. The adsorption
energies of CO and O, and the TS energies of CO oxidation and
O2 dissociation were calculated on these chosen surfaces, and
the activities of these 5 surfaces were evaluated using microkinetic modelling. Then comparisons are made between the
activities of these 5 surfaces with the previous one (Fig. 2). If
the activities of these new surfaces are all lower than the
previous one, the optimization is deemed finished. If the
activity of any new surface is higher than the previous one, the
most active surfaces are chosen and treated as the surface of
the next optimization cycle (Fig. 2).
Compared with the screening strategy, this gradient-based
optimization strategy suggested above has the following
advantages: firstly, unlike the exhaustive screening method,
the gradient-based optimization strategy is more rational
because the explicit direction for better catalysts is given as
the gradient of activity, and the catalyst structures are
modified towards the higher activity. Secondly, in this
strategy, some approximate relations were also considered,
including the BEP relation and the bonding contribution
equation. However, in each optimization cycle, five
candidates for the next step are taken into account, and thus
the failure prediction of the BEP relation and bonding
contribution equation can be to a great extent avoided.

This journal is © The Royal Society of Chemistry 2021
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Furthermore, even though the BEP relation was used in the
calculation of gradient in this strategy, the TSs were explicitly
calculated using DFT, and thus surfaces that do not obey the
BEP relation may also be discovered. Thirdly, the adsorption
site is modified by substituting one atom in each
optimization cycle, which in turn can manipulate the
adsorption sites to design better catalysts. Such a step-wise
manipulating design may offer a more comprehensive
understanding of catalyst design than that of the screening
method. In this work, all the BEP relation parameters were
obtained using our calculations on pure metals.

4. Results and discussion
Using the gradient-based optimization strategy, a rational
catalyst design for CO oxidation was carried out. As mentioned
above, the initial guess of this optimization is Pt(111), and the
substitution of solute metals, including Re, Os, Ir and Pd, was
used to manipulate the adsorption sites. Several alloy surfaces
were designed in this work, and the activities of CO oxidation
on these surfaces are shown in Fig. 3. In this optimization,
starting from the initial activity, 2.90 × 10−1 s−1, of Pt(111), the
activities increase dramatically, and after eight optimization
cycles, the activity becomes 1.97 × 105 s−1, suggesting that this
optimization strategy is robust and efficient in the catalyst
design process. To obtain a better understanding of this design
process and designed catalysts, in this section, the structure
changes in the optimization are reported with their effects on
the energies of intermediates and TSs. Next, the activity increase
in the optimization is analyzed from both thermodynamic and
kinetic aspects. At the end of this section, the structural and
energetic properties of the most active catalysts are introduced
to understand the reasons for the high activities.

Fig. 3 The activity change of CO oxidation on the catalysts designed
in steps 1 to 9. The activities increase from 2.90 × 10−1 s−1 of step 1 to
1.97 × 105 s−1 in our design process.

This journal is © The Royal Society of Chemistry 2021
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4.1. Changes of structures and energies
In each optimization cycle, one of the surface or subsurface
atoms is replaced by another type of metal to manipulate the
adsorption site achieving higher activity. In order to discuss
this manipulating process, the indexes of all the atoms are
needed. As shown in Fig. 4(a), the surface atoms are numbered
from 5 to 8, while the subsurface atoms are labelled from 1 to
4. Fig. 1 shows the CO adsorbed on the top site of surface atom
5, while the oxygen atom is on the hollow site of surface atoms
5, 6 and 7. For the transition state of CO oxidation, the oxygen
is found on the bridge site of surface atoms 6 and 7, and the
CO is located on the top site of atom 5 (Fig. 1). A similar
geometry can also be found for the dissociation of the oxygen
molecule, as shown in Fig. 1.
The energies of the adsorbed CO and O, and the TSs of
CO oxidation and O2 dissociation on Pt(111) were calculated,
and the gradient for the activity of these energies was also
investigated using micro-kinetic modelling. From these
results (shown in Table 1), the most significant partial
derivative values were found for the adsorbed CO and the TS
of O2 dissociation, which are 2.00 and −1.00, respectively,
suggesting that these states are the rate-determining states.66
Thus, as mentioned above, the adsorption site of CO and the
reaction site of O2 dissociation should be manipulated to
increase the adsorption energy of CO and decrease the
transition state energy of O2 dissociation. Using the gradient
optimization method, five possible candidates were
considered, of which the catalyst in Fig. 4(b) was found to be
the most active with an overall reaction rate 6055.14 s−1. After
the first optimization cycle, the surface Pt atom 6 was
replaced by an Ir atom as shown in Fig. 4(b). With this
replacement, the energy of CO on surface atom 5 is increased
from 1.58 eV in step 1 to 1.65 eV in step 2 (Table 1). This is
because a second neighbour of the adsorption site atom was
replaced by a more intrinsic active metal, Ir, making the
adsorbed CO less stable according to the bonding
contribution equation.12 Moreover, replacing atom 6 with a
more active atom changes the first neighbour of adsorbed
oxygen and oxygen molecule dissociation, increasing the
adsorption strength of oxygen and stabilizing the transition
state of oxygen dissociation. Thus, the transition state energy
of O2 dissociation is decreased from 4.90 eV to 4.39 eV, as
shown in Table 1. Due to the energy changes in the direction
of activity gradient, the overall reaction rate of CO oxidation
increases from 2.90 × 10−1 s−1 to 6.06 × 103 s−1 in going from
step 1 to step 2.
In the first optimization cycle, one surface Pt has been
replaced by an Ir atom. On the modified catalyst after the first
optimization cycle, the partial derivatives for activity were
calculated of all the energies on the optimized catalyst IrPt7.
It was found that the partial derivatives of the adsorption
states of CO and O are both positive as shown in Table 1,
suggesting that these states need to be destabilized to achieve
the higher activity. The partial derivative of the transition
state of CO oxidation is −1.11, indicating that the barrier of
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Fig. 4 The geometries of the designed catalysts from (a) step 1 to (i) step 9. The metals are represented as: yellow for Os, green for Ir, light blue
for Pd and blue for Pt. The indexes of all the surface and subsurface atoms are labelled in (a). These indexes and the atom notation are used
throughout the paper. The solute metals are also labelled with their corresponding atom symbol.

CO oxidation is too high, hence hindering the overall
reaction. As shown in Fig. 4(c), the subsurface Pt atom 1 was
replaced by a Pd atom in the second optimization cycle. Atom
1 is the second nearest neighbour atom of all the sites of
intermediates and all the TSs, and thus substituting this atom
with a slightly more reactive metal would mildly increase the
energies of all the states according to the bonding
contribution equation. The calculated energies on IrPdPt6
agree with the prediction mentioned above: all the energies of
intermediates and TSs slightly increase by around 0.1 eV.
With this substitution, the energies of adsorbed CO and O
were tuned in the direction of the gradient. Therefore, the
overall rate increases from 6.06 × 103 s−1 to 6.58 × 103 s−1 in
this optimization cycle.
Using this gradient-based optimization, the adsorption
sites of CO and O and the reaction sites of CO oxidation and
O2 dissociation were manipulated with 8 optimization cycles,
in which one surface or subsurface atom was substituted to
tune the energies of all the states. As shown in Table 1, in all
the optimization cycles, the energy of at least one ratedetermining state went in the direction of the gradient as
discussed above. Therefore, the overall activity changes from
2.90 × 10−1 s−1 of Pt8 (Fig. 4(a)) in step 1 to 1.97 × 105 s−1 of
Ir3OsPd3Pt (Fig. 4(i)) in step 9.

2610 | Catal. Sci. Technol., 2021, 11, 2604–2615

4.2. Thermodynamic and kinetic changes
After reporting the structure and energy changes in the
optimization, the free energy changes and free energy
barriers of all the reactions on these optimized catalysts are
discussed in this section.
From the overall rates in this optimization (Table 3), three
dramatic changes in the overall rates can be found, namely
2.90 × 10−1 s−1 to 6.06 × 103 s−1 from step 1 to 2, 1.58 × 104
s−1 to 5.40 × 104 s−1 from step 5 to 6, and 5.68 × 104 s−1 to
1.84 × 105 s−1 from step 7 to 8. On the initial structure
Pt(111), as shown in Table 2, the adsorption free energy of
CO is −0.59 eV, while the activation energies of O2
dissociation and CO oxidation is 0.47 eV and 1.07 eV,
respectively, in the free energy landscape. As mentioned in
section 4.1, the CO binding strength on the Pt surface is too
strong, hindering the dissociation of O2. Kinetic results agree
with this statement; the coverage of CO is very close to 1.00,
whereas the coverage of the oxygen atom is only 2.20 × 10−5
ML (Table 3). After the first optimization cycle, the barrier of
oxygen molecule dissociation became negligible, while the
adsorption strength of CO was also weakened from −0.59 eV
to −0.52 eV (step 2 in Table 2). Therefore, the enhancement
of O2 dissociative adsorption and decrease in the CO

This journal is © The Royal Society of Chemistry 2021
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Table 2 The adsorption free energies of CO (GadCO), the activation free energies (Ga) and the free energy changes (ΔG) of O2 dissociation and CO
oxidation reactions on all the catalysts from step 1 to step 9. All the energies are in eV
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O2(g) + 2* → 2O*

CO* + O* → CO2(g) + 2*

Step

GadCO

Ga

ΔG

Ga

ΔG

1
2
3
4
5
6
7
8
9

−0.59
−0.52
−0.49
−0.48
−0.43
−0.41
−0.37
−0.34
−0.45

0.47
0.00
0.07
0.11
0.13
0.14
0.00
0.00
0.00

−1.94
−2.68
−2.50
−2.34
−2.39
−2.24
−2.83
−2.75
−3.04

1.07
1.04
1.03
0.97
0.99
0.92
0.85
0.79
0.86

−1.29
−0.98
−1.10
−1.20
−1.22
−1.31
−1.06
−1.13
−0.88

adsorption energy on the optimized surface in step 2 greatly
affect the surface species ratio: 0.44 ML for the CO coverage
and 0.56 for the O coverage. Therefore, the reaction rate of
CO oxidation is drastically increased from step 1 to step 2.
Regarding the change from step 5 to 6, on the catalyst
surface Ir2Pd2Pt4 of step 5, the adsorption energy of CO is −0.43
eV (Table 2), being 0.16 eV weaker compared with that on
Pt(111). As shown in Table 2, the free energy barriers of O2
dissociation and CO oxidation are 0.13 eV and 0.99 eV,
respectively, whereas the free energy changes for these two
steps are −2.39 eV for O2 dissociation and −1.22 eV for CO
oxidation. According to the gradient results (Table 1), the
activity on this catalyst is mainly constrained by the over
bonding of oxygen. After the optimization, the O2 dissociation
on the catalyst in step 6 became less favourable
thermodynamically, in which the free energy change decreases
by 1.5 eV (Table 2). Furthermore, compared to the catalyst of
step 5, the CO oxidation on the optimized catalyst is slightly
more favourable both thermodynamically and kinetically, as
shown in Table 2. Therefore, after this optimization, the overall
reaction rate changes from 1.58 × 104 s−1 to 5.40 × 104 s−1. The
next dramatic activity enhancement is from step 7 to step 8. On
the catalyst of step 7, Ir4Pd2Pt2, the barrier of dissociative
adsorption of an oxygen molecule is negligible with this step
also being very exergonic, possessing a free energy change of
−2.83 eV. According to the two-step model,7,8 if the adsorption
energy of one species is too strong, the dissociation of this
species is likely to be unfavourable, thus limiting the overall
activity. Therefore, the strong oxygen adsorption on the catalyst

of step 7 is likely to present an obstacle in achieving higher
activity. On the optimized surface of step 8, the free energy
change of O2 dissociative adsorption decreases by 0.08 eV,
whilst CO and O coupling (CO* + O* → CO2(g) + 2*)12 also
becomes slightly more favourable. After this optimization, the
overall activity is increased from 5.68 × 104 s−1 to 1.84 × 105 s−1.
The free energy profiles of CO oxidation on the initial
catalyst (Pt(111)), the catalyst of step 5 and the catalyst on step
9, are shown in Fig. 5. From these results, the following
features can be seen: firstly, for the dissociative adsorption of
O2, the free energy barrier decreases from 0.47 eV of step 1 to
0.13 eV step 5, and then on the catalyst of step 9, the
dissociation becomes barrierless. The free energy changes also
decrease from −1.94 eV of step 1 to −3.04 eV of step 9,
suggesting that after the optimization, the dissociation of O2 is
much more exergonic than that of step 1. Secondly, regarding
the adsorption of CO, the adsorption free energy first decreases
from −0.59 eV of step 1 to −0.43 eV of step 5, and then slightly
increases by 0.02 eV to −0.45 eV of step 9. Therefore, after the
optimization, the adsorption free energy of CO was only
weakened by 0.14 eV, a much smaller change than that of the
O2 dissociative adsorption mentioned above. Finally, from the
energy profiles (Fig. 5), the CO oxidation becomes much more
favourable kinetically after the optimization, with a decrease of
the free energy barrier by 0.21 eV. On the other hand, the free

Table 3 The coverages of CO (θCO) and O (θO), and the overall reaction
rates on the catalysts from step 1 to step 9. All the reaction rates are in
s−1, and all the coverages are in ML

Step
1
2
3
4
5
6
7
8
9

θCO
0.99
0.44
0.48
0.82
0.48
0.59
0.07
0.07
0.57

θO

Rate
−5

2.20 × 10
0.56
0.52
0.18
0.52
0.41
0.93
0.93
0.43
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2.90 × 10−1
6.06 × 103
6.58 × 103
1.34 × 104
1.58 × 104
5.40 × 104
5.68 × 104
1.84 × 105
1.97 × 105

Fig. 5 The energy profiles of CO oxidation on the catalysts of step 1
(black), step 5 (red) and step 9 (blue) in the free energy landscape.

Catal. Sci. Technol., 2021, 11, 2604–2615 | 2611

View Article Online

Paper

Open Access Article. Published on 03 February 2021. Downloaded on 6/18/2021 10:42:02 AM.
This article is licensed under a Creative Commons Attribution-NonCommercial 3.0 Unported Licence.

energy change of the CO oxidation step decreases from −1.29
eV of step 1 to −0.88 eV of step 9.

4.3. Optimized catalyst
On the optimized catalyst Ir3OsPd3Pt of step 9, the activity of
CO oxidation is significantly higher than the pure Pt surface,
and the surface structure of step 9 (Fig. 4(i)) is very complex
with four different types of atoms. This in turn left many
interesting questions that needed to be addressed. What can
be taken from these results? Will the complex surface
structures change the geometries of the intermediates and
TSs? How can they result in such a high activity? Regarding
the energies of intermediates and TSs, will these energies still
obey the BEP relation? In this section, each of these
questions is addressed individually.
The geometries of intermediates (CO and O) and TSs (CO
oxidation and O2 dissociation) on the catalyst Ir3OsPd3Pt of
step 9 are shown in Fig. 6. Comparing these with those on
Pt(111) (Fig. 1), it can be seen that despite the structural
complexity of the catalyst surface for step 9, the adsorption
sites of CO and O and the reaction sites of CO oxidation and
O2 dissociation stay the same in general. However, due to the
asymmetry of the adsorption or reaction sites, the atom
positions of the intermediates and the TSs on the optimized
catalyst are slightly different from those on Pt(111). The Pt–O
bond length is 2.04 Å on Pt(111) for all the three bonds
(Fig. 1 inset), whereas on the optimized catalysts (Fig. 6(b)),
the two Ir–O bond lengths are 2.05 Å and 2.02 Å, respectively,
and the Pt–O bond length is 2.22 Å. Furthermore, the C–O
bond in the transition state geometry of CO oxidation
(Fig. 6(c)) and the O–O bond in the transition state geometry
of O2 dissociation (Fig. 6(d)) are 1.94 Å and 1.80 Å,
respectively, which are both shorter than 2.08 Å for the C–O
bond and 2.18 Å for the O–O bond on Pt(111).
With these geometries of the intermediates and the TSs
(Fig. 6), the effects of each component atom can be explained.
For the adsorption of CO, the adsorption slightly decreases by
0.14 eV represented in Table 2. From the geometries of CO
adsorption (Fig. 6), the geometry of the adsorption site remains
unchanged after the activity optimization, whilst all the second
nearest neighbour atoms are replaced by Ir or Pd atoms. Based
on the bonding contribution equation,12 the replacement of

Catalysis Science & Technology
the adsorption site atom has the most significant effect on the
adsorption energies, and the effects of the second nearest
neighbour replacement are much smaller. Therefore, the
adsorption energy of CO on the optimized catalyst only differs
slightly because CO still adsorbs on the Pt atom. Moreover,
according to the bonding contribution equation, replacing the
adsorption site atom with a more reactive metal can increase
the bonding strength, but the adsorption becomes weaker if a
second nearest atom is replaced. For the optimized catalyst Ir3OsPd3Pt, the second neighbours are all replaced by reactive
metals, thus decreasing the adsorption energies of CO. The
adsorption energy change of an oxygen atom on the optimized
catalyst can also be explained using a similar approach. From
Fig. 6(b), it can be seen that two adsorption site atoms are
replaced by Ir atoms, which are more reactive than Pt, resulting
in the adsorption strength of the oxygen atom being 0.56 eV
stronger than that on the original Pt(111) surface.
Having discussed the structural properties of the
optimized catalyst, we are in the position to discuss the
energetic properties on the optimized catalyst, namely
checking the BEP relation on the catalysts in the
optimization. The BEP relations of CO oxidation and O2
dissociation on pure close-packed metal surfaces are shown
in Fig. 7, along with the energies on the catalysts in the
optimization. From this figure, it can be seen that for O2
dissociation, the energies of the oxygen atom and the
transition state of O2 dissociation are still on the BEP relation
of pure metal in general. Therefore, the barrierless
dissociation of an oxygen molecule is caused by the strong
adsorption strength of oxygen on the optimized catalyst.
Regarding the oxidation of CO, the energies of adsorbed CO
and O, and the transition state of CO oxidation correlate well
on the catalysts from 1 to 6. However, after the optimization
cycle from steps 6 to 7, the energies of intermediates and TSs
do not obey the BEP relation any more, as shown in Fig. 7(a).
From Fig. 7(a), it can be seen that according to the BEP
relation of pure metal, the energy of the CO oxidation
transition state on the optimized catalyst should be higher
than the calculated value, suggesting that the complex
surface structure of the optimized catalyst makes it possible
to circumvent the BEP relation, increasing the overall activity.
These unexpected phenomena may be caused by the
inhomogeneous adsorption properties of the alloy surfaces

Fig. 6 The top views and side views (insets) of (a) adsorbed CO, (b) adsorbed oxygen atoms, (c) transition state of CO oxidation, and (d) transition
state of O2 dissociation on the catalyst candidate of step 9. Oxygen and carbon atoms are in red and grey, respectively.
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Fig. 7 The BEP relations of CO oxidation on (a) designed catalysts and (b) pure metals, and O2 dissociation on (c) designed catalysts and (d) pure
metals. The energies of adsorbed CO (ECO) and (EO) and the energies of CO oxidation (ECO–O) and O2 dissociation (EO–O) transition states on the
catalysts from step 1 to step 9 are also marked with their corresponding label. All the free energies are in eV and represented using formation
energies with respect to the energies of H in H2, C in CH4 and O in H2O.

and the existence of multiple energy configurations. The
adsorption energies of step 7, step 8, and step 9 structures
seem to be on another BEP relation, which is interesting for
future studies. Therefore, the extraordinary activity of the
optimized catalyst is derived not only from the tuning of
energies in the more active direction based on the gradient,
but also from the alloy structure circumventing the BEP
relation. It is also worth noting that some aspects of kinetics,
such as the coverage effect, are not considered, which may
lead to some errors in the calculated activity. However, the
main aim of our work is to demonstrate the concept of our
rational design of new catalysts: as shown above, it is very
promising and exciting.

5. Conclusion
This work represents an attempt to transfer the task of
rational catalyst design to an optimization problem. The
gradient ascent method is chosen as an example for the
optimization of surface structures towards the maximum
activity based on the gradient of the overall reaction rate.
Unlike traditional screening methods, this gradient-based
optimization does not need to know the peak positions of the

This journal is © The Royal Society of Chemistry 2021

volcano curves. Therefore, our method may discover catalysts
that are different from traditional screening methods.
Furthermore, the gradient-based optimization strategy not
only offers the surface structure and component of the
designed catalyst, but also gives details on how to achieve
higher activity step-by-step. Taking CO oxidation as an
example, it was shown how one active catalyst, platinum, is
engineered one atom by one atom towards higher activity.
After eight-step optimization, the activity of CO oxidation
from micro-kinetic modelling increases significantly.
Interestingly, we found that the high activity of the designed
catalyst is not only due to the tuning of energies in the more
active direction but also from the alloy structure
circumventing the BEP relation. Therefore, the gradientbased optimization strategy offers not only a deep
understanding of the relationship between surface structures
and catalytic activity but also makes it possible to design
novel catalysts.
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